Intercomprehension of Slavic Functional Multiwords:
Translation Experiment Results
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® Can Russian speakers infer the meaning of Czech > Russian e Stimuli: up to 60 sentences with MSUs from a multi-

functional multiwords in other Slavic languages? tHepeBeyprre ELICICRHEID IO 063 Moo ORI N lingual glossary (balanced for PoS: adverbials, conjunc-

s . . L. f . cmoBapsi  (Translate the highlighted words
= Which .Cross—hngua,l conditions favour inter- without a dictionary tions, parenthesis, particles, prepositions)
comprehension?

Chlapec ukryl vice nez 600 postovnich dokumentliy Participants: 126 users, no formal knowledge of the

source language.
2. Research Goal _ A e Dynamic time limit

) T . 22 e Total responses: 6,579
AS?’GSS the 1n1:e111g1b111ty .Of M5Us {n.Czech, (users/task: >20, unique responses/task: 2-27)
Polish, Bulgarian, Belarusian, Ukrainian for

Russian speakers and reveal conditions fas-
cilitating comprehension between Slavic lan-

cuages. 8. Overview of experimental data

z toho 429 novorocnich prani,

[ Russian translation... ]

MultiLingID-Portal: https://intercomprehension.coli.uni-saarland.de/en/
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4. Textual Data Sources 030

40 - mmm correct noise
- fluent_literal mm empty

L
o
[
B

paraphrase —e— pwlid stimulus gold
awkward literal  --- pwld gold lit
fantasy

1. Stimuli and Russian ‘gold’ translations:
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2. Literal translations:

¢ GPT-4 prompted for isolated MSUs (22 July
2024) 4 random manual check

(21/60) (16/50) (17/56) (18/57) (20/59)
Fig.3 Distibution of intelligibility scores by SL
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5. Example CS—RU (id: CS_30)
nejen ze not only] -0.10
Nejen ze nemohl vstat, ale pri- I
padalo mu, Ze nesmi ani otevfit oci. i
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Czech Polish Bulgarian Belarusian Ukrainian

— He 10 4TO BCTaTh, EMY KA3aJI0Ch, UTO
OH HE MOXET OTKPHBITH IJIa3.

HC TO 4TO
HC TOJIBKO 2TO

9. Regression Trends 10. Observations

nan: 11, Heyxenu: 5, Hemeau Toi: 1, intelligibility entropy Partlclpa.unts | performance aligns .WIth
He el ke: 1, He OiuH ke: 1, He TOJBbKO expectations: Tasks in East-Slavic SLs

510: 1, HexHbli: 1, Heyxkema x: 1, n  Pearson RMSE ~ Pearson RMS. are easier than tasks with West-Slavic

HykeH ma: 1, oH xe: 1 CS 60 0.21+.43  0.83 0.23+.36  0.53 M5Us.
PL. 50 0.23+.50 1.05 0.19+.55 0.61 SVR-captured trends are similar for

: . BG 56 0.50+.35 1.05 0.32+.38 0.70 intelligibility and entropy.
6. An nOtated Tra nS|at|On SOIUt|OnS BE 57 0.34+.53 1.05 0.36+.51 0.62 Intelligibility score helps avold the
Types of linguistic behaviour and weights: UK 59 0.62=x.31 1.15 0.65%.37 0.61 ambiguity of MSU translation entropy.
e correct (7) Unique feature patterns for each SL:

fluent-literal (6) _ BS\E{;\GKS/%IE)S ot itof predi.ctcl)r&sc fqr e,?ChtSL' e.g. UK: low PWLD=Ilow entropy=high
paraphrase (5) | eSi. ] contex Surprlsa S111111aT11 y lntelllglblllty

Slavist
annotators

omprehension

noise (0) ? Key Findings: Intercomprehension Factors ?

empty (O) N | . Ability to recognise similarities: Fig.4 MSU entropy vs Intelligiability
MSU Intelligibility score: a sum of weighted low PWLD # high intelligibility (Fig.2). - —— ———

solution probabilities across all responses. 2. Scope of the similarities as basis for literality: R I i

\

same PWLD, different success rate (Fig2).
7 |Intercom prehension Predictors 3. Context sentence difficulty (surprisal) and .
similarity to gold translation (cosine or TQE :
1. Transformer-based features: surprisal and scores), 2o
cosine similarity for M5Us and  contexts 4. Non-linear relations between MSU entropy 4

(ruRoBERTa-large [3])

. Formal distances (stimulus-to-gold, gold-to- K
lit): Phonologically Weighted Levenshtein
Distance (PWLD), phonological similarity
between phonemic sequences |1, 2.

. Automatic translation quality: COMET scores Acknowledgments & References

for gold and literal |4]
O go d d d te d This research is funded by the Deutsche Forschungsgemeinschaft (DFG, German Research Foundation), Project-ID 232722074 —
TOta].: 14 prediCtOI‘S SFB 1102 and by Saarland University (UdS-Internationalisierungsfonds).

and intelligibility scores (Fig.3-4).
. The association strength and predictive
power of the model varies across SLs.
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